Deriving Fire Radiative Power (FRP) with Weather Model Variables and
Satellite FRP using Random Forest (RF) Models
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Each year, wildfires and smoke have substantial health and financial impacts. | RF and Polar MAE over 2x2 lat/lon West 2018 RF and GOES MAE over 2x2 lat/lon CONUS 2018
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Figure 1: Fire product from GOES East (top) and GOES west (bottom) -125 -120 -115 -110 -105 1000 : B —120 -100 —380 —60
- from Kruger Rock Fire Nov 16 2021 show cloud and/or smoke Lon 28*  Bames ‘ ou® n : Lon
blocking have impacts on FRP detection. Images both taken at 19:30 1000 2000 3000 4000 5000 6000
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Figure 2: An example of a (shallow) tree from within the
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