¢ ‘s.*“' : -.,M

hoabom T Vo : " _’f .
b T e e

> r
. P = s .,
‘

-"’.- 1 w

— B o

Low-latency modeling of near-Earth-space magnetic fields for resource exploration
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1. A natural reference for underground 3. Improving the latency of magnetic disturbance predictions using machine-learning modeling
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4. Summary

0 —1100% Comrected Dip (Deg) * Earth’s magnetic field provides a natural frame of reference for underground navigation
sl | * NCEI/CIRES magnetic model, HDGM-RT provides comprehensive magnetic mapping
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2. Real-time prediction of disturbance-field

* Magnetospheric variations caused by space weather
(Maus & Liihr, 2005 & 2010)

* lonospheric daily variations (Chulliat et al, EPS, 2016)
 |nduced variations in the Earth and Oceans
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